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Powering Performance Prediction of Low—Speed Full Ships and Container

Carriers Using Statistical Approach

Yoo—Chul Kim+-Gun—Do Kim*Myung—Soo Kim-*Seung—Hyun Hwang-Kwang—Soo Kim-Sung—Mo Yeon*
Young—Yeon Lee'

Korea Research Institute of Ships and Ocean Engineering (KRISO)

This is an Open—Access article distributed under the terms of the Creative Commons Attribution Non—Commercial License(http://creativecommons,org/licenses/by—nc/3,0) which
permits unrestricted non—commercial use, distribution, and reproduction in any medium, provided the original work is properly cited,

In this study, we introduce the prediction of brake power for low—speed full ships and container carriers using the linear regression
and a machine learning approach, The residual resistance coefficient, wake fraction coefficient, and thrust deduction factor are
predicted by regression models using the main dimensions of ship and propeller, The brake power of a ship can be calculated
by these coefficients according to the 1978 ITTC performance prediction method, The mean absolute error of the predicted power
was under 7%, As a result of several validation cases, it was confirmed that the machine learning model showed slightly better
results than linear regression,

Keywords : Power prediction(S2 0|Z), Linear regression(A& $|7), Machine learning(7 4] k&), Hull form variables(AM& E44),
Fullship(X{25H|CHM), Container carrier(Z4E{|0|L4 A1)
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Fig. 16 Brake power prediction using linear regression for
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